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2.1.4 MaxMind JavaScript Web Service 
MaxMind JavaScript is a service offered by MaxMind to 
return the country of your web visitors. It uses JavaScript 
and is very easy to program, works on both static and 
dynamically served web pages [18].  
In order to use this JavaScript on your website, a link 
back to the www.maxmind.com website should be 
provided, or a JavaScript attribution-free license can be 
purchased for $250/year. The uptime for the JavaScript 
service is about 99.95%.  
Example:  
Country Code: IN  
Country Name: India 
2.1.5 GeoIP Geo-location Products 
MaxMind GeoIP products deliver information on the 
geographic location and connection type of Internet 
visitors. APIs and associated documentation for databases 
can be found in the GeoIP Support Center. We can 
purchase multiple databases with one order by adding 
them to the shopping cart before checking out. 
2.1.6 IP Address Locator  
MaxMind GeoIP City/ISP/Organization Edition Results 
Table 1:  
Table 1: MaxMind Geo IP 

Hostname 
Country Code 
Country Name 
Region 
Region Name 
City 
Postal Code 
ISP 
Organization 
Metro Code 
Area Code 

 
These results were generated with the Perl API and the 
commercial GeoIP City, GeoIP ISP, and GeoIP 
Organization databases. 
 

3 EXPERIMENTAL RESULTS: 
My research work is divided into 3 parts that is: 
1. To find out the different areas concerning to the 
different users like 

I. Date: The date of visit. 
II. Page: The page that is visited. 

III. Client Info: The information of the client. 
IV. Client IP: IP address of the client. 
V. Platform: OS that is used by the Users. 

VI. Web Browser: The type of Browser used by the 
user. 

2. To find out the numbers of hit for the particular page 
separately. 
3. To find out the browsing patterns of different users of 
the web sites. 
 

4 CONCLUSION: 
In this paper we learned about web usage mining and the 
use of MaxMind GeoIP Javascript in a web application in 
which the first part of this study is to find out the date of 
the page accesses, the browser being used by the users, 
the operating system in which the browse is used, the 
page that is accessed and at last the total number of hits 
for the particular web page inside the web application can 
also be counted and display separately, is accomplished 
successfully using the java server pages technology. 
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