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Abstract- In the field of Web Mining more specifically Web
Usage Mining an extraction of pattern sequence of
navigations and session tracking of any user using Web
Analysis Approach is difficult and along with the pattern
sequence if we have to identify other details of any particular
user like geographical location, IP address, name of web
browser and operating system being used it become more
tedious task. This paper introduces a new concept in which
we would like to design an algorithm that will give detail
about the pattern sequence of any user hitting a particular
Web Applications along with other detail about that user
like geographical location, IP address, name of web browser
and operating system being used. This research work can be
used in Market Analysis for the Web Application and its
result will be helpful for different kind of advertisement for
different segments of users for their different browser in
Web Applications and Web Portals.
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I. INTRODUCTION
1. Data Mining
Data mining, the extraction of hidden predictive
information from large databases, is a powerful and a
new technology with great potential to help companies
focus on the most important information in their data
warehouses. Data mining tools predict future trends and
behaviors, allowing businesses to make proactive,
knowledge-driven decisions. The automated, prospective
analyses offered by data mining move beyond the
analyses of past events provided by retrospective tools
typical of decision support systems. Data mining tools can
answer business questions that traditionally were too time
consuming to resolve. They scour databases for hidden
patterns, finding predictive information that experts may
miss because it lies outside their expectations.
Most companies already collect and refine massive
quantities of data. Data mining techniques can be
implemented rapidly on existing software and hardware
platforms to enhance the value of existing information
resources, and can be integrated with new products and
systems as they are brought on-line. When implemented
on high performance client/server or parallel processing
computers, data mining tools can analyze massive
databases to deliver answers to questions such as, "Which
clients are most likely to respond to my next promotional
mailing, and why?"
1.2 Data Mining Process
Data Mining is a process of discovering various models,
summaries, and derived values from a given collection of
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data. It is important to realize that the problem of
discovering or estimating dependencies from data or
discovering totally new data is only one part of the
general experimental procedure used by scientists,
engineers, and others who apply standard steps to draw
conclusions from the data, refer figure 1. As we enter into
the age of digital information, the problem of data
overload looms ominously ahead. Our ability to analyze
and understand massive data sets, as we call large data, is
far behind our ability to gather and store the data. Large
databases of digital information are ubiquitous.

Data from the neighborhood store's checkout register,
your bank's credit card authorization device, records in
your doctor's office, patterns in your telephone calls, and
many more applications generate streams of digital
records archived in huge business databases. Scientists are
at the higher end of today's data-collection machinery,
using data from different sources from remote-sensing
platforms to microscope probing of cell details. Scientific
instruments can easily generate terabytes of data in a short
period of time and store them in the computer.

‘ State the problem
|
Collect the data
; l
Perform preprocessing
;J l
[ Estimate the model (mine the data)
l

Interpret the model & draw the conclusions

Figure 1: The data mining Process

1.3 Web Mining

Web mining [1] the application of machine learning (data
mining) techniques to web-based data for the purpose of
learning or extracting knowledge. Web mining
encompasses a wide variety technique, including soft
computing [PTMOO]. Web mining methodologies can
generally be classified into one of three distinct
categories: web usage mining, web structure mining, and
web content mining, a survey of techniques used in these
areas. In web usage mining the goal is to examine web
page usage patterns in order to learn about a web system's
users or the relationships between the documents. For
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example, the tool presented by asseglia, association rules
from web access logs, which store the identity of pages
accessed by users along with other information such as
when the pages were accessed and by whom; these logs
are the focus of the data mining effort, rather than the
actual web pages themselves. Rules created by their
method could include, for example, "70% of the users that
visited page A also visited page B." Similarly, the method
of Nasraoui et al. examines web access logs. The method
employed in that paper is to perform a hierarchical
clustering in order to determine the usage patterns of
different groups of users. Beeferman and Berger [BBOO]
described a process they developed which determines
topics related to a user query using click-through logs and
agglomerative clustering of bipartite graphs.

1.3.1 Web Usage Mining

With the continued growth and proliferation of e-
commerce[2], Web services, and Web-based information
systems, the volumes of clickstream and user data
collected by Web-based organizations in their daily
operations has reached astronomical proportions.
Analyzing such data can help these organizations
determine the life-time value of clients, design cross-
marketing strategies across products and services,
evaluate the effectiveness of pro-motional campaigns,
optimize the functionality of Web-based applications,
provide more personalized content to visitors, and find the
most effective logical structure for their Web space.

Web usage mining refers to the automatic discovery and
analysis of patterns in clickstream and associated data
collected or generated as a result of user interactions with
Web resources on one or more Web sites. The goal is to
capture, model, and analyze the behavioral patterns and
profiles of users interacting with a Web site. The
discovered patterns are usually represented as collections
of pages, objects, or resources that are frequently accessed
by groups of users with common needs or interests.

1.3.2 Taxonomy of Web Mining

Taxonomy of Web mining along its two primary
dimensions, namely Web content mining and Web usage
mining. We also describe and categorize some of the
recent work and the related tools or techniques in each
area. This taxonomy is depicted in Figure 2.

Web Mining

[ Web Content Mining ] [ Web Usage Mining ]

- Prepracessing

- Transaction |dentification
- Pattern Discovery Tools

- Pattern snalysis Tools

Database Approach

Agent Based Approach J

- Intelligent Search Agent

- Information Filtering/
Categorization

- Personalized Web Agent

- Multilevel Databases
- Web Query Systems

Figure 2: Taxonomy of Web Mining
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2 PROPOSED METHODOLOGY
2.1 The following scripts make use of the MaxMind
GeolP Javascript, which is freely usable as long as you
adhere to the Terms of Use below.
These scripts may be used to control access to your web
site based upon where the user is located. This process
has obvious limitations: in order for it to work, the user
must have a javascript-enabled browser. That's not to say
this is not a reasonably good control mechanism for your
web site; but this is by no means a 100% solution to
filtering traffic.
2.1.1 GeolP Get Directions from Google by Current
Location
Now here's an interesting concept for businesses (for
example) who want their web site visitors to be able to get
directions to their office easily: a script that detects the
visitor's whereabouts, and then generates a Google Map
with  step-by-step directions to the destination
(presumably, the place of business). In this example, a
user will see a button that says "Get Directions”. If
clicked, a map is generated by Google Maps which gives
the user step-by-step driving directions to the destination
you specified in the configuration section--the CN Tower
in Toronto in this example. The user never need go
through the standard "get directions™ procedure; GeolP is
used to determine where the user is driving from.
2.1.2 GeolP JavaScript Web Service
GeolP JavaScript is a service offered by MaxMind to
return the Country, Region, City, Latitude, and Longitude
for your web visitors [17]. It uses JavaScript and is very
easy to program, works on both static and dynamically
served web pages. If you only need to display the country,
use GeolP Country JavaScript service. In order to use this
JavaScript on our website, a link back to the
www.maxmind.com website should be provided, or a
JavaScript attribution-free license can be purchased for
$250/year.
Example:
Country Code: IN
Country Name: India
Region:
Region Name:
City:
Postal Code:
Latitude: 20.0000
Longitude: 77.0000

2.1.3 Source code

For example to find the country code the snap of the
source code for this is

<script language="JavaScript" src=
"http://j.maxmind.com/app/geoip.js">

</script>

<br>Country Code:

<script language= "JavaScript">
document.write(geoip_country_code());

</script>
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2.1.4 MaxMind JavaScript Web Service

MaxMind JavaScript is a service offered by MaxMind to
return the country of your web visitors. It uses JavaScript
and is very easy to program, works on both static and
dynamically served web pages [18].

In order to use this JavaScript on your website, a link
back to the www.maxmind.com website should be
provided, or a JavaScript attribution-free license can be
purchased for $250/year. The uptime for the JavaScript
service is about 99.95%.

Example:

Country Code: IN

Country Name: India

2.1.5 GeolP Geo-location Products

MaxMind GeolP products deliver information on the
geographic location and connection type of Internet
visitors. APIs and associated documentation for databases
can be found in the GeolP Support Center. We can
purchase multiple databases with one order by adding
them to the shopping cart before checking out.

2.1.6 IP Address Locator

MaxMind GeolP City/ISP/Organization Edition Results
Table 1:

Table 1: MaxMind Geo IP
Hostname
Country Code
Country Name
Region
Region Name
City

Postal Code
ISP
Organization
Metro Code
Area Code

These results were generated with the Perl API and the
commercial GeolP City, GeolP ISP, and GeolP
Organization databases.

3 EXPERIMENTAL RESULTS:
My research work is divided into 3 parts that is:
1. To find out the different areas concerning to the
different users like
I. Date: The date of visit.
Il. Page: The page that is visited.
I1l.  Client Info: The information of the client.
IV. Client IP: IP address of the client.
V. Platform: OS that is used by the Users.
VI. Web Browser: The type of Browser used by the
user.
2. To find out the numbers of hit for the particular page
separately.
3. To find out the browsing patterns of different users of
the web sites.
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4 CONCLUSION:

In this paper we learned about web usage mining and the
use of MaxMind GeolP Javascript in a web application in
which the first part of this study is to find out the date of
the page accesses, the browser being used by the users,
the operating system in which the browse is used, the
page that is accessed and at last the total number of hits
for the particular web page inside the web application can
also be counted and display separately, is accomplished
successfully using the java server pages technology.
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